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Introduction
As Internet use has spread to an increasing portion of the 
population (Anderson, Perrin, and Jiang 2018), online poll-
ing has garnered more popularity (Mortimore and Wells 
2017). This is understandable given that online surveys can 
be cost effective, especially in terms of administration since 
they do not require interview personnel (in the case of phone-
based or in-person data collection) or postage logistics 
(Evans and Mathur 2005). Conducting a survey online may 
make it available to a greater number of people than an in-
person survey and speeds up the distribution and collection 
process (Couper 2000). However, online surveys also have 
weaknesses, not least of which is that not everybody uses the 
Internet; moreover, even among those who do, people vary 
considerably in their online behavior. In this paper, we ana-
lyze survey data about a diverse group of voter-eligible 
American adults to examine what explains who casts votes in 
online political polls, with the goal of shining light on what 
types of biases such polls may include.
Challenges of Online Political Polling
Reaching a representative sample of the voter-eligible popu-
lation is a challenge for political polls, both online and off 
(Cook, Heath, and Thompson 2000; Diaz et al. 2016; Huberty 
2015; Kellner, Twyman, and Wells 2011). The classic exam-
ple is that of the Literary Digest Poll concerning the 1936 
U.S. presidential election. The paper was confident in its pre-
dictions due to the sheer number of polls it had collected 
through postal mail, reminiscent of today’s excitement about 
big data (e.g., Anderson 2008). However, basing its sampling 
on its own above-mean-income subscriber list as well as tele-
phone and car ownership, the Literary Digest Poll systemati-
cally excluded less privileged populations from participation, 
namely, those more likely to vote for the candidate who ulti-
mately won despite the poll’s predictions (Squire 1988).
Although Internet use is widespread in the United States, 
13 percent of adults were not online in 2016, a group mostly 
consisting of seniors, the less educated, and those who make 
less than $30,000 annually (Anderson and Perrin 2016). 
Even if connected, people engage in very different activities 
online, and what they do is related to several sociodemo-
graphic factors (Robinson et al. 2015). For example, people 
from less privileged backgrounds are more likely to use the 
Internet for entertainment types of activities compared to 
higher rates of capital-enhancing usage by people of higher 
socioeconomic status (Bonfadelli 2002; Eynon 2009; Hale 
et al. 2010; Zillien and Hargittai 2009). Topical interest has 
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also been tied to the adoption of particular online services 
such as the role of being interested in celebrity news and 
entertainment in driving Twitter adoption (Hargittai and Litt 
2011). Such research suggests that even among those online, 
people may not be equally inclined to participate in a poll. 
This is the question this paper addresses.
When considering online polling about political topics in 
particular, an important question to ask is whether Internet 
users are representative of the general population regarding 
their political interests and voting preferences. Research has 
shown this not to be the case (Zhang et al. 2009). In the 2008 
U.S. presidential election, online platforms were extensively 
used by Obama campaigners, but Republicans, and McCain 
supporters in particular, were far less active on Twitter (Gayo-
Avello 2011). Online political participation relates to some 
extent to liberal attitudes and higher socioeconomic status 
(Best and Krueger 2005), suggesting a biased sample when it 
comes to whose voices may be represented in such polls.
A challenge of political polling more generally is social 
desirability bias. People may not respond to questions accu-
rately if they believe that their answer is not socially desir-
able (Crowne and Marlowe 1960; Silver, Anderson, and 
Abramson 1986). During the 2016 U.S. presidential election 
campaign, the news media increasingly covered Trump’s 
candidacy in a negative light, often making derogatory 
remarks (Patterson 2016). Given such widespread adverse 
coverage, it is possible that some Trump supporters would be 
shy about expressing their support for his presidency. A study 
of college students’ voting preference conducted right before 
the 2016 U.S. presidential election found that those more 
prone to controlling their public appearances to impress oth-
ers were less likely to say they support Trump when control-
ling for gender, political ideology, and party identification 
(Klar, Weber, and Krupnikov 2016). Another study looking 
at national as well as state-level data found evidence of “hid-
den Trump supporters” (Enns, Lagodny, and Schuldt 2017), 
namely, people who supported Trump but not necessarily 
expressed their opinions in a survey when asked about their 
vote intentions. Yet, conducting an extensive analysis of the 
performance of pre-election polls in 2016, a study found lit-
tle evidence of social desirability bias, therefore suggesting 
the effect on the poll error to be relatively small (Kennedy 
et al. 2018).
Addressing the challenge of social desirability bias, some 
research on mode effects has suggested that people are less 
prone to social desirability effects in online surveys than in 
in-person or telephone interviews (Holbrook and Krosnick 
2010; Kreuter, Presser, and Tourangeau 2008). The absence 
of an interviewer becomes an important advantage of online 
surveys, especially when the context includes sensitive top-
ics (Duffy et al. 2005). Survey mode, for that reason, might 
have an effect on people’s desirability to give honest answers 
when the questions concern opinions about a controversial 
figure such as Donald Trump. From this perspective, online 
political polls may offer a better method than other modes for 
asking people about their voter preference if they are less 
prone to social desirability bias. Kennedy and colleagues 
(2017) did not find this to be the case, however, when look-
ing at public support for key policy proposals during Trump’s 
presidency.
In sum, online polls look like a promising alternative to 
traditional types of surveys as long as the sample is represen-
tative of the target population. Given that reaching a repre-
sentative sample is still an issue due to various reasons 
discussed earlier concerning sociodemographic biases, 
understanding in which ways online poll participants skew is 
an important step toward solving the potential problems that 
come with it.
Data and Methods
To examine what biases may go into who takes online politi-
cal polls, we turn to a survey that had very little content about 
politics and mostly focused on other issues such as the types 
of social media people use and whether they contribute to 
user-generated sites like Wikipedia. This survey was admin-
istered online, and the irony of using this mode of data col-
lection to explore mode-based biases in political polls is not 
lost on the authors. Regarding the biases we explore, how-
ever, our findings are likely to be conservative given our 
mode of data collection. We recognize the limitations our 
approach poses and discuss them in detail later in the paper.
Data Collection
We draw on unique survey data of a national sample of U.S. 
adults 18 years old and over, collected in summer 2016, a 
few months before the 2016 presidential election. We con-
tracted with the independent research organization National 
Opinion Research Center at the University of Chicago 
(NORC subsequently) to administer questions to their 
AmeriSpeak panel online. AmeriSpeak is a nationally repre-
sentative, probability-based survey panel (National Opinion 
Research Center 2017). After pretesting the survey with 23 
respondents and updating items based on the results in early 
May 2016, we ran the survey May 25 through July 5, 2016. 
Of note is that by the time of the survey, Hillary Clinton and 
Donald Trump were the presumptive nominees of their 
respective parties. For survey quality, we included an atten-
tion-check question and only analyze responses from partici-
pants who passed this question. In total, the sample includes 
valid responses from 1,512 American adults 18 and over, 
which constitutes a 37.8 percent survey response rate. The 
analyses we present here concern the 1,441 voting-eligible 
respondents.
Measures: Independent Variables
Demographic and socioeconomic factors. Background vari-
ables about respondents such as their age, gender, education, 
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income, and race/ethnicity were supplied by NORC based on 
their earlier data collection about the AmeriSpeak panel. 
Here we describe what coding we used for these variables. 
We report age as a continuous variable. We created three 
education categories: high school or less, some college, and 
college degree or more. Income was reported in 18 catego-
ries, which we recoded to their midpoint values to make it a 
continuous variable. In the regression analyses, we use the 
log of income. Race and ethnicity are dummy variables for 
white, Hispanic, African American, Asian American, Native 
American, and other. We created a dichotomous “coupled” 
measure for those either married or living with a partner. We 
have a dummy variable for those employed either full-time 
or part-time. We also have a dummy variable signaling rural 
residence. Finally, there is a continuous measure of house-
hold size.
General Internet experiences and skills. We include measures 
for how long people have been Internet users, how much 
autonomy they have in freely accessing the Internet when 
and where they want to, how much time they spend online, 
and their Internet skills, variables that prior literature has 
found important in understanding people’s online experi-
ences (DiMaggio et al. 2004). We also control for Internet 
use for political purposes.
We asked respondents when they had first started using 
the Internet, offering the following answer options with their 
recoded values in parentheses: within the past year (1), 1 to 5 
years ago (2.5), more than 5 but less than 10 years ago (7.5), 
and 10 or more years ago (12.5). To measure autonomy of 
use, we asked, “At which of these locations do you have 
access to the Internet, that is, if you wanted to you could use 
the Internet at which of these locations?” followed by nine 
options such as home, workplace, and friend’s home. To 
assess frequency of use, we asked, “On an average weekday, 
not counting time spent on email, chat and phone calls, about 
how many hours do you spend visiting Web sites?” and then 
asked the same question about “average Saturday or Sunday.” 
The answer options ranged from none to 6 hours or more 
with six additional options in between. We calculated weekly 
hours spent on the Web by multiplying the answer to the first 
question by five, the second question by two, and adding 
these two figures together.
For measuring Internet skills, we use a validated, estab-
lished index (Hargittai and Hsieh 2012; Wasserman and 
Richmond-Abbott 2005). Respondents were presented with 
13 Internet-related terms (e.g., tagging, PDF, spyware) and 
asked to rank their level of understanding of these items on a 
5-point scale ranging from no understanding to full under-
standing. We then calculate the mean for all items as the 
Internet skills measure (Cronbach’s alpha = .94).
Political ideology. The survey asked respondents how they 
would describe their political views with the following answer 
options: very liberal, fairly liberal, middle of the road, fairly 
conservative, very conservative, and other. These responses 
were recoded into three dummies: liberal (either very liberal 
or liberal), middle of the road, and conservative (either very 
conservative or conservative).
Measures: Dependent Variable
To measure participation in online political polling, we 
asked: “Have you ever done any of the following?” with 
numerous online actions listed, one of which was: “Submitted 
a vote to an online political poll.” While this no/yes binary 
question may seem too simplistic, the majority (59.3 per-
cent) had never done so, making it a helpful measure of 
online political poll participation.
The Sample
Table 1 shows the sample characteristics. Almost the same 
number of men and women participated; the average age is 
48.9. Just under 30 percent of respondents were ethnic and 
racial minorities (11.6 percent Hispanic, 11.5 percent African 
Amerian, 2.9 percent Asian American, 1.7 percent Native 
American, and .8 percent other.) A quarter have no more than 
a high school education, just under a third (31.4 percent) com-
pleted some college, and 43.5 percent have at least a college 
degree. Average income at $72,091 is higher than the national 
average. The mean household size is 2.6, just under 63 per-
cent are employed, 61.4 percent are coupled, and 13.4 percent 
live in a rural area. Regarding their online experiences, 
respondents on average have been using the Internet for just 
over 11 years, have 4.8 locations where they can go online, 
and spend 14.7 hours on the Web weekly. Their Internet skills 
are varied; on a 1 to 5 scale, they average a 3.4 score.
Including those in the sample who had not passed the 
attention-check question would add noise to the study since 
we cannot assume that their responses to other questions on 
the survey were not similarly error-prone. About 10 percent 
(9.7 percent) of respondents were thus excluded. Assuming 
demographic information in AmeriSpeak is correct about 
these people (these are questions not asked on this specific 
survey but supplied by AmeriSpeak from their data about the 
panel), those excluded are more likely to be lower educated (p 
< .01), have a lower income (p < .05), and be of Hispanic 
origin (p < .001) or African American (p < .001). Those 
included are more likely to be white (p < .001). There is no 
difference by gender, being Asian American or Native 
American, being coupled, or living in a rural area. Running 
the analyses presented in the following with the excluded 
cases yields similar results regarding significance of the vari-
ous variables, with some variation in size of the coefficients.
Analyses
First, we present bivariate relationships of respondent back-
ground characteristics and having taken an online political 
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poll (Table 2). Then we use logistic regression to examine 
what variables remain significant when controlling for other 
factors (Table 3).
Results
The bivariate analyses in Table 2 show that the oldest 
quartile of respondents were significantly more likely to 
have taken an online political poll than the youngest. Men 
have done so significantly more than women and whites 
significantly more than people of other racial and ethnic 
backgrounds (except the “other” category). Both educa-
tion and income are positively related to participating in 
an online political poll. Household size matters (the 
smaller, the more likely to have participated), as does 
rural residence (less likely than others), but being 
employed and coupled do not make a difference to taking 
an online political poll.
People’s Internet experiences are very much related to 
participation in online political polls, with those who have 
been Internet users longer, who have more autonomy of use, 
who spend more time online, and with higher skills all more 
likely to have engaged in this activity. Regarding political 
leaning, bivariate analyses suggest that liberals are much 
more likely to have participated in online political polls 
while those in the middle of the road are much less likely 
than conservatives. Next, we turn to whether these results are 
robust when controlling for other factors.
The logistic regression results in Table 3 first show how 
sociodemographic factors relate to online polling participa-
tion (Model 1); next, we include Internet experiences and 
skills in the model (Model 2), and finally, we also look at 
political ideology while controlling for the aforementioned 
Table 1. Sample Descriptives.a
Percent
Age  48.9 (16.7)
Gender
 Women 50.4
 Men 49.6
Race/ethnicity
 African American, non-Hispanic 11.5
 Asian American, non-Hispanic 2.9
 Hispanic 11.6
 Native American, non-Hispanic  1.7
 White, non-Hispanic 71.6
 Other    .8
Education
 High school or less 25.1
 Some college 31.4
 College or more 43.5
 Income (in US$ thousands)  72.0 (54.5)
 Household size  2.6 (1.3)
 Employed 62.9
 Coupled 61.4
 Rural residence 13.4
Internet experiences
 Use years 11.2 (2.7)
 Number of access locations  4.8 (2.3)
 Weekly Web hours  14.7 (10.6)
 Internet skills  3.4 (1.1)
Political ideology
 Conservative 34.5
 Middle of the road 35.6
 Liberal 29.9
aThe figures for age, income, household size, and Internet experiences 
in the Percent column denote sample means with standard errors in 
parentheses.
Table 2. Participation in Online Political Polls by Demographic 
and Socioeconomic Background, Internet Experiences and Skills, 
and Political Ideology.
Percent
Age LQ 38.8
Age HQ 48.5***
Women 35.6***
Men 45.9***
Race/ethnicity
 African American, non-Hispanic 28.9***
 Asian American, non-Hispanic 26.2*
 Hispanic 33.3*
 Native American, non-Hispanic 37.5
 White, non-Hispanic 44.2***
 Other 58.3
Education
 High school or less 23.8***
 Some college 41.4
 College or more 50.0***
Income LQ 34.3**
Income HQ 45.2*
Household size LQ 43.5**
Household size HQ 33.9**
Employed 39.7
Coupled 42.0
Rural residence 34.2*
Internet experiences
 Use years LQ 28.8***
 Use years HQ 44.0***
 Number of access locations LQ 32.5***
 Number of access locations HQ 54.1***
 Weekly Web hours LQ 33.9***
 Weekly Web hours HQ 46.2*
 Internet skills LQ 27.1***
 Internet skills HQ 54.0***
Political ideology
 Conservative 44.0#
 Middle of the road 30.4***
 Liberal 50.0***
Note: LQ = lowest quartile; HQ = highest quartile.
#p ≤ .10. *p ≤ .05. **p ≤ .01. ***p ≤ .001.
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factors (Model 3). The first model shows that gender, race/
ethnicity, and education are all related to the likelihood of 
having taken an online political poll: Women, Asian 
Americans, African Americans, and those with no more than 
a high school education were all less likely to have done so. 
The second model suggests that autonomy of use, amount of 
time spent online, and Internet skills are all positively related 
to online political poll participation. Once we control for 
these factors, older adults are also more likely to have 
participated.
Once we add political ideology to the model (Model 3), 
the various sociodemographics thus far significant remain 
so. We also find that being liberal versus conservative does 
not make a difference for having taken an online political 
poll. However, those who classify themselves as middle of 
the road are much less likely to have participated in such a 
poll. We discuss the implications of these findings in the next 
section.
Discussion and Conclusion
A major limitation of the present work is that the survey on 
which it relies was itself collected online while attempting 
to identify biases that go into who participates in online polit-
ical polls. The ideal mode of data collection would be one that 
is not related to the methodological issues the paper itself 
tackles: biases in taking online polls. That said, absent other 
available data sets with the relevant covariates and dependent 
variable, we believe the paper nonetheless makes relevant 
contributions to the political polling literature. We believe 
that despite its limitations, the study offers a unique opportu-
nity to answer the question we raise: What types of Internet 
users are most likely to participate in online political polls?
Our findings suggest that certain demographic and socio-
economic characteristics such as being male and white, hav-
ing higher education, as well as spending more time online, 
having more autonomy of use, and having higher Internet 
skills are all positively related to the likelihood of taking an 
online political poll. In terms of ideology, people identifying 
themselves as middle-of-the-road are less likely to partici-
pate in online political polls.
Research has noted that people with middle-of-the-road 
political views are affected by ideas rather than ideologies 
(Luntz 2008). These so-called swing voters or floaters are 
usually only about 50 percent certain of whom they will vote 
for on election day (Luntz 2008) and are more likely than 
Table 3. Logistic Regression on Participation in Online Polls*.
Model 1 SE Model 2 SE Model 3 SE
Age .00 .00 .02*** .00 .02*** .00
Gender (base: male)
 Female −.29** .11 −.26* .12 −.24* .12
Race/ethnicity (base: white)
 Asian −.99** .36 −.95* .37 −.83* .38
 Hispanic −.38* .19 −.25 .20 −.24 .20
 Black −.65*** .19 −.66*** .20 −.66*** .21
 Native American −.06 .44 .10 .46 .17 .48
Parental education (base: college or more)
 High school or less −1.10*** .16 −.82*** .17 −.76*** .17
 Some college −.32* .13 −.25 .14 −.22 .14
Income (logged) .15 .43 −.34 .45 −.42 .046
Household size −.07 .05 −.08 .05 −.07 .06
Employed −.19 .13 −.31* .14 −.31* .14
Coupled .05 .13 .15 .14 .19 .14
Rural residence −.28 .17 −.19 .18 −.10 .18
Internet experiences
 Use years .02 .02 .01 .03
 User autonomy .10*** .03 .09** .03
 Use frequency .02*** .01 .02** .01
 Internet skills .42*** .07 .43*** .07
Political ideology
 Liberal .09 .15
 Middle of the road −.54*** .15
Intercept .01 1.39 −1.68*** 1.48 −1.25 1.51
N 1,434 1,415 1,359  
R2 .06 .10 .11  
*p ≤ .05. **p ≤ .01. ***p ≤ .001.
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others to show up as undecided voters in pre-election polls. 
As they make up their minds at the last minute, pre-election 
polls might not appeal to them as much, decreasing their par-
ticipation in such political polls and thus having their per-
spectives underrepresented in such data sets. Indeed, 
reviewing data from exit polls and a callback study by the 
Pew Research Center, Kennedy and colleagues (2018) found 
evidence of a late swing in vote preference toward Trump in 
the 2016 elections, particularly in states that Clinton lost by 
the smallest margins.
Recognizing the biases in who participates in online 
political polls is crucial if they are meant to reach a repre-
sentative sample of the voter-eligible population. Our 
findings highlight characteristics of Internet users that 
correlate with likelihood to take online political polls. 
Future such polls administered online will want to keep 
these biases in mind as they analyze their data to make 
sure that they do not derive wrong conclusions due to 
selection biases.
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